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Function J = Cost Function (X, y, theta)
m = size (X, 1)

Prediction = X * theta;

sqe = (Prediction —y) . *2;

J=1/2m * sum(sqge);

Al bt o p,d | J=1/(2%m) * sum(sqe);
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12 - Suppose that for some linear regression problem. we have some
training set, and for our training set we managed to find some 60, 61
such that J(60,061)=0.(4 points if all are true,4 negative points if all are
not true)

Which of the statements below must then be true? (T/F)

statements T/F

a) Gradient descent is likely to get stuck at a local minimum and fail to
find the global minimum.

b) For this to be true, we must have 60=0 and 81=0 so that h8(x)=0 F

c)For this to be true, we must have y(i)=0 for every value of i=1, 2, ...,
m.

d)Our training set can be fit perfectly by a straight line. T




